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Como a Data Science Pode Ajudar a Bola Entrar No Gal
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O estudo de modelos
matematicos de contflito e
cooperacao entre tomadores de
decisao com inteligéncia
racional.

Myerson, Roger B. (1991). Game Theory: Analysis of Conflict, Harvard University Press,
p. 1. Chapter-preview links, pp. vii—xi.
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RESPOSTAS COM TEORIA DOS JOGOS

OPCAO PIOR
EQUILIBRADA o] Jof Yo

Equilibrio de Nash Menor Probabilidade




PARA ENTENDER O JOGO
PRECISAMOS DE

MUITA
INFORMACAO
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O Ciclo da Data Science



Obter informacoes do
mundo real

COLETAR
DADOS E

LIMPA-LOS




Encontrar perguntas para
responder

EXPLORAR

OS DADOS




Testar as respostas das
perguntas

TESTAR

HIPOTESES




Testar as respostas das
perguntas

A computacdo e a internet permitem trabalhar com mais informacdes

TESTAR

HIPOTESES




Preparar para reproducdo




Criar produtos de dados

APRESENTAR

RESULTADOS




Criar produtos de dados

Transmitir o conhecimento de forma correta

APRESENTAR

RESULTADOS




Evoluir com o mundo real

ITERAR




O Ciclo da Data Science

COLETAR

DADOS E EXPLORAR TESTAR CONSTRUIR APRESENTAR

OS DADOS HIPOTESES MODELOS RESULTADOS

LIMPA-LOS

ITERAR
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Apresentacao: Durante o Jogo
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Apresentacdo: Antes e apos o Jogo
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DATA SCIENCE SKILLSET

Dangef zone!

Data Science

=N\

Machine
Learning

Data science, due to its interdisciplinary nature, requires an
intersection of abilities: hacking skills, math and statistics
knowledge, and substantive expertise in a field of science.

Hacking skills are necessary for working with massive amounts of
electronic data that must be acquired, cleaned, and manipulated.

Math and statistics knowledge allows a data scientist to choose
appropriate methods and tools in order to extract insight from data.

Substantive expertise in a scientific field is crucial for generating
motivating questions and hypotheses and interpreting results.

Traditional

Traditional research lies at the intersection of knowledge of math
and statistics with substantive expertise in a scientific field.

Machine learning stems from combining hacking skills with math
and statistics knowledge, but does not require scientific motivation.

Danger zone! Hacking skills combined with substantive scientific
expertise without rigorous methods can beget incorrect analyses.

http://j.mp/zerando-jogo-04
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Machine
Learning

Math and Statistics
Knowledge

Data science, due to its interdisciplinary nature, requires an
intersection of abilities: hacking skills, math and statistics
knowledge, and substantive expertise in a field of science.

Substantive
“Xpertise

Hacking skills are necessary for working with massive amounts of
electronic data that must be acquired, cleaned, and manipulated.

Math and statistics knowledge allows a data scientist to choose
appropriate methods and tools in order to extract insight from data.

Substantive expertise in a scientific field is crucial for generating
motivating questions and hypotheses and interpreting results.

Traditional
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Traditional research lies at the intersection of knowledge of math
and statistics with substantive expertise in a scientific field.

Machine learning stems from combining hacking skills with math
and statistics knowledge, but does not require scientific motivation.

Danger zone! Hacking skills combined with substantive scientific
expertise without rigorous methods can beget incorrect analyses.
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Estatistica



OREILLY"

Estatistica

otat

EXPLORATORY
DATA ANALYSIS

Allen B. Downey
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Estatistica

OREILLY"

@ . 4 coursera

TORONTO

Statistics, Making sense of Data

EXPLORATORY
DATA ANALYSIS —smy
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Allen B. Downey
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Machine Learning

A Programmer’s Guide to

Data Mining
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The Ancient Art of the Numerati

Ron Zacharski
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Machine Learning

A Programmer’s Guide to

Data Mining fisl 4= COUrsera

Machine Learning
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The Ancient Art of the Numerati
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Machine Learning

A Programmer’s Guide to

Data M.n.ng gl + Coursera

Machine Learning
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Visualizacao

The Visual Display
of Quantitative Information

EDWARD R. TUFTE
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Visualizacao

Data Visualization (stat645)
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The Visual Display

of Quantitative Information

EDWARD R. TUFTE
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Visualizacdo

Data Visualization (stat645)
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The Visual Display

of Quantitative Information

EDWARD R. TUFTE
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Computacdo em Escala

The Definitive Guide

O’REILLY*® Tom White
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Computacdo em Escala

‘Z1SB + coursera

Web Intelligence and Big Data
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The Definitive Guide

O'REILLY" Tom White
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Obstaculos para
zerar o jogo

Como saber se temos dados
suficientes?



Obstaculos para
zerar o jogo

Como saber se a pergunta
feita vai dar a resposta que
precisamos?



do

¥ N3o sei o que aconteceu ou
/ se aconteceu n3o to
sabendo.

Mas futebol é isso que
 aconteceu, porque eu ndo
a-;sé’i'/a ,que aconteceu d
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Data Science no Futebol Hoje

Muito
conhecimento
especifico



Data Science no Futebol Hoje

Ja utiliza
tecnologias
avan¢adas



Data Science no Futebol Hoje

Poucos
modelos
matematicos



Solucao:




Solucao:

Usar a tecnologia para
produzir novos modelos
matematicos e testa-los.




Perguntas-?

twitter.com/folksilva
facebook.com/folksilva
folksilva@gmail.com
folksilva.github.io
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Sobre a apresentacao




